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skeleton and apparent features

WANG Hongyan'?, YUAN Hai®

1. School of Information Science and Technology, Zhejiang Sci-Tech University, Hangzhou 310018, China
2. College of Information Engineering, Dalian University, Dalian 116622, China

Abstract: Focusing on the issue that traditional skeletal feature-based action recognition algorithms were not easy to dis-
tinguish similar actions, an action recognition method based on the fusion of deep joints and manual apparent features
was considered. The joint spatial position and constraints was firstly input into the long short-term memory (LSTM)
model equipped with spatio-temporal attention mechanism to acquire spatio-temporal weighted and highly separable deep
joint features. After that, heat maps were introduced to locate the key frames and joints, and manually extract the apparent
features around the key joints that could be considered as an effective complement to the deep joint features. Finally, the
apparent features and the deep skeleton features could be fused frame by frame to achieve effectively discriminating sim-
ilar actions. Simulation results show that, compared with the state-of-the-art action recognition methods, the proposed
method can distinguish similar actions effectively and then the accuracy of action recognition is promoted rather ob-
viously.
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